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Supporting an Al Analytical Strategy
1. What’s Driving Al? Why now? \ ‘
2. Data Engineering

3. Semantic Layer
4. Agentic Al Assists - The Future
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EIGHT THINGS YOUR
COMPUTER WON'T DO

A computer won't save you
1 money. In fact, it may cost
you a bit, due to the often over-
looked “extras” such as mainte-
nance, software, peripherals,
and security. Moreover, you
probably won’t eliminate employ-
ees. But it will provide you with
new ways of doing things and will
expand your capabilities in ways
that may really pay off in the long
run.
1ake your
organization run right. If
you've got problems, a computer
will only make them worse.
However, a computer will find
better and faster ways of doing
what your company already does
A computer won't solve every
problem. A lot of important
business decisions go beyond the
bottom line. The answers may
require a good dose of subjective
evaluation, something that busi-

It takes a dedicated group of
individuals to make even a state-
of-the-art computer run right.
Selecting that group of people
can make the difference between

successful and not-so-successful

A computer won't always be

right. The information it
puts out is only as good as the
information you put in.

A computer won't protect it-

self. The information about
your business that you put in a
computer is available to anyone
who knows how to get it. Com-
puters can be manipulated; make
sure you or your management
are the ones who ‘are managing
your system.

A COMPULey won t meet all 1

own needs. A well-operated
computer system requires con-
stant attention, from the temper-
ature of its environment to its
maintenance schedule. A little
preventive maintenance can
eliminate a lot of down time.

A computer won’t become ob-

solete. Sure, there will be
new and improved computing
systems, with features that are
faster and more powerful than
yours. But as long as your sys-
tem cost-effectively provides the
services your business needs, its
obsolescence is only a state of
mind. []

Byte Magazine — Circa 1982

Many of these points remain true today —
especially in the age of Al

We must remain circumspect with a strong
sense of history to succeed in the longer
term.

1. FinOps

3. Use cases

5. Hallucinations / Data Quality
6. Data Security and Privacy
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Al Importance

Al has a minimal role or is not
currently included in the
business strategy., 6%

8% in Spring

Al is a cornerstone, directly driving and
shaping the business strategy., 15%

13% in Spring

Al is in an exploratory phase and
has not yet become central to the
business strategy., 30%

Al plays an important role,
primarily supporting broader
strategic initiatives., 48%

Dresner
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Al Maturity Late Q2 2026

Nascent: Al is not actively
pursued or implemented, 6%

9% in Q1

Advanced: Al is deeply embedded
in core business processes, 16%

15% in Q1

Maturity shifting gradually
from nascent to advanced

Emerging: Al is primarily in pilot

H o
or experimental phases, 43% Largest of enterprises have

40% in Q1 greatest maturity with gap

closing quickly for SMEs

......

'''''

Intermediate: Al is used in
specific, impactful areas, 35%

36% in Q1
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Al ROI

Extremely high, More than 50%
7%

Don't know
21%

Extremely negative -24% or worse%

1% Very high, transformative 24% to 50%
21%
Costly for the department -6% 0
1%
Negative, but contained -3% Expectation is that ROl will

2% level off/decrease as “low
Flat 0% hanging fruit” is exhausted and Caution! ROl measured at task
4% enterprise scale-Al proves level may ignore overall enterprise

value. Plans to leverage excess
capacity often absent.

more challenging

Fair, paid for itself 3%

8%
High, significant achievement 12%
19%

Good, clear return 6%
16%

. Dresner
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45%

40%

35%

30%

25%

20%

15%

10%

5%

0%

Improved employee Reduced cycle time

productivity

EEN High Achievement
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Al Realized Outcomes

Task-level (tactical) applications deliver quick
results. However, more realistic expectations are
starting to set in as strategic applications are
tougher to employ

Improved customer

satisfaction

mmm Moderate Achievement

mmmm Acceptable Achievement

Lower cost

[ Not Yet Achieved

Reduced risk

mm Not Yet Attempted

Revenue lift

— Summer

Compliance incidents

— Spring

5.0

4.5

4.0

35

3.0

2.5

2.0

1.5

1.0



Al Adoption Issues

60%
50%
40%
30%
20%
10%

o 0 m o 0 |

Data security / Legal and Quality / accuracy  Skills / talent Integration with
privacy concerns regulatory of responses availability existing
compliance applications,
systems, and
processes

N Critical — Requires immediate attention; inaction creates material risk or impact.

Low Priority — Acknowledged but largely deferred or deprioritized.

— Spring

© 2026 Dresner Advisory Services. All Rights Reserved.

Core issues remain constant but
some have moderated as

organizations become educated
and can properly assess issues
and risks

W High Priority — Actively concerning and planned for near-term action.

B Not a Concern — No current impact or perceived relevance.

mmmmm Moderate Priority — Recognized as important but not yet driving action.

e Summer

measure(s) of the
business value
derived from its

Costs Organizational Potential for Organizational Ethics / bias Model Loss of Poorly defined use  No quantitative
trust / skepticism unintended policy concerns maintenance and transparency cases
consequences management

application

5.0

4.5

4.0

3.5

3.0

2.5

2.0



Al Performance Indicators (KPlIs)

Tactical Strategic

50%
45%
40%
35%
30%
25%
20%
15%
10%
5%
0% — — - | I

Time to Action (Operational value): How Data & Model Readiness (IT value): Data and Ecosystem Productivity (Business value): Analytic Augmentation (Analytic value): The  Resilience & Governance (Strategic value): A

quickly data is turned into insights and models are accurate, governed, and ready to Improved business performance (e.g., revenue share of decisions influenced or executed by self-healing, well-governed data environment

automated actions. safely support Al and agents. per employee or margins) driven by Al and Al-driven insights. that enables Al innovation without added risk.

real-time data.
. Critical I Very Important s |Important Somewhat Important s Not Important e |Vlean
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Expected Impact on Human Roles - 24 Months {9

100%
90%
80%
70%
60%
Expectation: Augmentation as the Dominant Paradigm
50%
Are these numbers overly ambitious or conservative?
40%
30%
20%
10%
11% 11% 10% 109 109 10%
Ny 6 0% 0% 6 - 7% 29 5o 5o
()
Analytics / Bl Business Analysts Data Scientists Data Engineers IT / Data Platform Line-of-Business Managers / Decision-  Executive leadership  Chief Analytics Officer Chief Information  Chief Data Officer (CDO)
Developers Teams Analysts makers (non-data roles) (CAO) Officer (CIO)
M Fully replaced in some functions or teams M Primarily augmented (Al supports the role) M Role redesigned or consolidated (human + Al responsibilities combined) 1 Partially replaced (Al takes over defined tasks) M No material impact expected
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Getting The Information Right

Automaker Ford is reportedly reemploying hundreds of experienced
human engineers to work on quality issues automated systems
couldn’t address. “Artificial intelligence is a fantastic tool,

but it’s only as good as the information you use to train it,”
Charles Poon, Ford’s vice president of vehicle hardware
engineering, told the media.

Source: CNBC July 2026

Al is not a strategy IMO.
What’s the business strategy and how can that be supported by Al?

Dresner
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Dresner AIP Model

Governance Ecosystem
& Security Observability  Model Ops & Integration

L6 — Use Case & Economics
Application Layer

lask inlenl - success crileria

L5 — Agent & Workflow “
Orchestration Layer \

retrieval query - session state
L=

L4 — Context & Retrieval
Shared Runtime Layer

Success with Al requires a

enlity lookup - term disamblguation
-

Capability
Layers

-= comprehensive architectural
model

R
k)

L2 — Ontologies & Semantic Metadata

Meaning Layer

data request - source identifiers
=

L2 — Data & Integration

Haw Malerial Layer

g7 o) Swnjal ssundsas ppow

sie||ld Jake1-X

prompt + context payload !
3
- . i
L1 — Compute & Infrastructure ,,f’
Foundation Layer
—— - Pillar applicability at each layer L1-L6:

request flow response return

. Strongest . Strong hWoderate Minimal
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Importance of ADlI Components

Data Warehouse

Data Engineering

Data Governance and Catalog
Data Lake

Master Data Management (MDM)
Data Observability

Data Security and Privacy

Semantic Layer and Data Virtualization

0% 10% 20% 30% 40% 50% 60% 70% 80%
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Prepackaged Vertical / Functional Analytical Applications
Streaming Data Analysis

Complex Event Processing (CEP)

Data Fabric

Ability to Write to Transactional Applications
Model Ops

Semantic Layer

Data Products

Data Mesh

Metadata Management

Generative Al

Data Catalog

Data Lakes

Agentic Al Analytics / Autonomous Decisioning
Dashboards

Reporting

Data Engineering

Financial Consolidation, Close Management & Statutory Reporting
Data Discovery

Data Storytelling

In-Memory Analysis

Data Quality

Data Warehousing

Multi-Dimensional Analysis (OLAP)

Natural Language Analytics

Data Security

Data Science and Machine Learning

Supply Chain Planning and Analysis
Spreadsheets

Master Data Management

End-User "Self-Service"

Guided Analytics

Data Visualization

Location Intelligence / Analytics

Graph Technology

Workforce Planning and Analysis

Text Analytics

Data Preparation and Blending

Data Operations (Ops)

Low-code / No-code Analytics

Cloud (Software-as-a-Service)

Enterprise Planning / Budgeting

Robotic Process Automation (RPA) and Analysis
Times Series Analysis

Sales Planning / Performance Management
Internet of Things (loT)

Governance

ESG Reporting (Environmental, Social, Governance)

| +5%

| +3%

-8%

Change in Technology Priorities 2025-2026

-7%

Semantic Layer Top 5 in growth

YOY. DE still growing

-3%
-3%
-3%

-5%
-6%

-2%

0%
-1%
-1%
-1%
-1%
-1%
-1%
-1%

4%
3%
3%
3%
3%
3%
3%
2%
2%

3

1%
1%
1%
1%
1%
1%
1%
1%
0%
0%

5%
5%
5%
5%
5%
5%
5%
4%
4%

Q2

6%

6%

2026

-10%
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-6%

-2%

0% 2% 4%

6%

8%



Data Engineering
. Best practices and technology capabllltles to develop

Moves and integrates data from source systems to where it is needed
Transforms, cleans, and prepares data for analytics, applications, and Al

Builds and manages reliable data pipelines and workflows

Including advanced analytics in the data engineering
pipeline workflow.

5
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Importance of Data Engineering

2015-2026
100%
90%
80%
00% Consistent Importance x 12 Years!
50%
The requirement for data engineering and
40% data pipelines is growing significantly with Al
30%
20%
10%

0%
2015 2016 2017 2018 2019 2020 2021 2022 2023

B Critical W Very important B Important WM Somewhat important B Not important — e====Mean

© 2026 Dresner Advisory Services. All Rights Reserved.

2024

2025

Highest
Importance!

N

2026

4.5

3.5

2.5

15

0.5



Importance of Data Engineering by Bl Success

100%
90%
80%

70%

Data engineering is
foundational for success with
Bl and Al!

60%

50%

40%

30%

20%

10%

0%
Extremely successful Very successful Moderately successful Somewhat unsuccessful & Unsuccessful

M Critical M VeryImportant ™ Important B Somewhat Important B Not Important
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Importance of Data Engineering by Bl ROI

100%
90%
80%

70%

60% High ROI correlates with
criticality of Data Engineering

50%

40%

30%

20%

10%

0%
Extremely high, More than 50% Very high, transformative 24% to 50% High, significant achievement 12% Good, clear return 6%

M Critical ®VeryIlmportant ™ Important B Somewhat Important B Not Important
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Importance of Data Engineering by Al Strategic Role

100%
90%
80%
70%

60%
Where Al is a “cornerstone”,

50% Data Engineering is “critical”
40%
30%
20%

10%

0%

Cornerstone Important Role Exploratory

M Critical ®VeryIlmportant ™ Important B Somewhat Important B Not Important
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Data Engineering Business Use Cases
e
...
e
.
T

Use cases cut across all

Churn Prediction & Customer Retention
Executive Dashboards & KPI Reporting
Financial Planning & Analysis (FP&A)
Customer 360 & Personalization

Data Monetization & External Data Products
Sales & Revenue Forecasting

Operational Performance Monitoring

lines of business, with an

Product Analytics & Feature Usage .
emphaS|s upon customers

R&D and Experimentation Tracking

loT Analytics & Predictive Maintenance
Supply Chain Optimization

Human Capital Analytics

Fraud Detection & Risk Management

Marketing Attribution & Campaign ROI

Regulatory Compliance & Audit Readiness

0% 10% 20% 30% 40% 50% 60% 70%
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Data Engineering Technical Use Cases

As part of the data integration, cleansing and transformation workflows for a data
warehouse supporting dashboards and reporting

Data integration and transformation services for ad-hoc query, discovery and exploration _

analysis

Supporting data flows between operational systems

Non-Al use cases still

Supporting management and delivery of master data

dominate. Al use cases
will grow in importance

Re-platforming/replication of an existing data warehouse

Al, Data science and augmented analytics use cases, predictive and prescriptive analytics

Extract and delivery of data to systems or parties outside the enterprise

Migration of data to new systems (as a result of replatforming, shift to cloud, consolidation _
furing M&A activities, etc)

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

B Under10% ®11-20% m21-40% ™M41-60% ™ More than 60%
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Graphical, drag-and-drop workflow builder
Debugging and data flow monitoring

No-code and code-friendly transformations
APl and integration support

Scheduling and orchestration tools
Role-based access and permissions
Real-time/streaming and change data capture

Audit trails and lineage tracking

Data Engineering Usability
|
I
e
e
e

Top usability features focus on data
engineer interactions. However, Al

supportis a growing factor and will

Al-based recommendations
Al-assisted schema mapping and data model generation

Al-generated data quality rules and validation logic

increase commensurate with Al
pipelines demands

Metadata creation and sharing

I Al-driven anomaly detection and monitoring

Collaboration and governance

© 2026 Dresner Advisory Services. All Rights Reserved.
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50%

60%

70%



Data Engineering Vendor Ratings

® Development and usability features @ Process/transform Features ® Data Sources @ Total Score %

Dresner
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Semantic Layer

* Application-independent view of data objects that are critical to the operation of

the business. These views are readily accessible from a variety of applications
and to onal
alek:1g ° Consistent business definitions for data and metrics

* Shields users from complexity of underlying data sources and structures
[ J o .
The daj@ Ensures use of data with the same meaning and context ns that

differe
struct

consistent, understandable, and agreed-on format and meaning for optimal
value at the point of consumption.

5
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Importance of Semantic Layer and Data Virtualization by Organization Size

100%
90%
80%
70%

60% Importance increases with

S0% organization size —i.e., greater

complexity and Al maturity

40%

30%

20%

10%

0%

1-100 101-1,000 1,001-10,000 More than 10,000

M Critical M VeryImportant ™ Important B Somewhat Important B Not Important
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Importance of Semantic Layer and Data Virtualization by Bl Success

100%
90%
80%
70%
60%

Success correlates with the
50% importance of a semantic layer

40%
30%
20%

10%

0%
Extremely successful Very successful Moderately successful Somewhat unsuccessful & Unsuccessful

M Critical ®VeryIlmportant ™ Important B Somewhat Important B Not Important
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100%

90%

80%

70%

60%

50%

40%

30%

20%

10%

0%

Importance of Semantic Layer and Data Virtualization by Al Maturity

Advanced: Al is deeply embedded in core business
processes

© 2026 Dresner Advisory Services. All Rights Reserved.

Intermediate: Al is used in specific, impactful areas

M Critical

Greater Al maturity correlates

with the importance of a semantic

H Very Important

M Important

layer

B Somewhat Important

Emerging: Al is primarily in pilot or experimental

phases

B Not Important

Nascent: Al is not actively pursued or implemented



Semantic Layer and Data Virtualization Objectives

Ensure consistent business definitions across Bl and Al tools and applications

Simplify data access for business users

Improve governance and data trust They key is consistent definitions

_ and measures across

Enable self-service analytics applications — including I\

Centralize metrics and KPIs

Reduce burden on data engineering

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

B Critical M VeryImportant ®Important B Somewhat Important B Not Important
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Semantic Layer and Data Virtualization Vendor Ratings

]
1
‘St
® Styles of Data Integration and Access Management @ Scalability and Performance Capabilities ® Modeling and Transformation Features
® Performance Optimization and Lifecycle Support Features ~ ® Governance and Administration Capabilities ® Total

Dresner
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Agentic Al

L]
[ ) - - o N/ ()

Al A [ )\ /) AIANAT-IaE~ [ ) a (Y1 [ )

* Takegs

IO, jses Al agents to assist users in exploring, analyzing, and interpreting data ents.

e Co - gows, and
MCP to deliver outcomes.

v U \J VvV U

@ @ \/ ’ L

5
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Apple Knowledge Navigator - 1987

Dresner
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“Al in the Loop” vs. “Human in the Loop”
b

M\ .. ‘G,

LI - &
VS. g
=)

@

e
\\\\\
lllll

© U Analytical/Informational Operational/Process &

---.- Dresner
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Al Agent Analytic Interpretation

Understanding of data relationships and hierarchies

Use of historical user interactions or prior analyses

This is where a semantic layeris

_ critical in order to ensure greater

accuracy of Al interactions

Use of metadata to guide analytic behavior

Use of a native semantic or metrics layer

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

W Critical ™ Very Important M Important B Somewhat Important B Not Important
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Autonomous Analytics Behaviors

Autonomy is configurable by the user

Recommends analyses but does not execute them

Although still emerging, signs
Responds only to direct user prompts indicate a requirement for user
control (i.e., Al in the Loop)

Executes analyses automatically within defined conditions

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

W Critical ™ Very Important M Important B Somewhat Important B Not Important
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Al Agent Analytic Actions

Trigger alerts or notifications

Agentic support requirements
focus upon improved
interpretation of data, targeted

Update dashboards or reports automatically

alerts, and rapid updates

Execute analytic workflows or pipelines

0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%

W Critical ™ Very Important M Important B Somewhat Important B Not Important
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Conclusions

* Demand and adoption of Al —including agents continues to grow, with many of
the underlaying concerns and issues moderating but still present

* Circumspection and an architectural / strategic approach are necessary for
longer term success

* Key elements of the architecture: data engineering and semantic layer are
critical components of any data-driven solution

* Al agents in support of user data analytics are emerging with an “Al in the Loop”
focus in support of user-effectiveness

5
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Thank You

We look forward to supporting your strategy and helping your team make clearer, faster,
more confident decisions. e

Contact
Howard Dresner
Founder & Chief Research Officer

howard@dresneradvisory.com

www.dresneradvisory.com

Dresner
ADVISORY SERVICES



Dresner
ADVISORY SERVICES

© 2026 Dresner Advisory Services. All Rights Reserved.



	Slide 1
	Slide 2: IBI SUMMIT Howard Dresner August 25, 2026
	Slide 3: Supporting an AI Analytical Strategy
	Slide 4: Byte Magazine – Circa 1982
	Slide 5: AI Importance
	Slide 6: AI Maturity Late Q2 2026
	Slide 7: AI ROI
	Slide 8: AI Realized Outcomes
	Slide 9: AI Adoption Issues
	Slide 10: AI Performance Indicators (KPIs)
	Slide 11: Expected Impact on Human Roles – 24 Months
	Slide 12: Getting The Information Right
	Slide 13: Dresner AIP Model
	Slide 14: Importance of ADI Components
	Slide 15: Change in Technology Priorities 2025-2026 
	Slide 16: Data Engineering
	Slide 17: Importance of Data Engineering 2015-2026
	Slide 18: Importance of Data Engineering by BI Success
	Slide 19: Importance of Data Engineering by BI ROI
	Slide 20: Importance of Data Engineering by AI Strategic Role
	Slide 21: Data Engineering Business Use Cases 
	Slide 22: Data Engineering Technical Use Cases 
	Slide 23: Data Engineering Usability
	Slide 24: Data Engineering Vendor Ratings
	Slide 25: Semantic Layer
	Slide 26: Importance of Semantic Layer and Data Virtualization by Organization Size 
	Slide 27: Importance of Semantic Layer and Data Virtualization by BI Success
	Slide 28: Importance of Semantic Layer and Data Virtualization by AI Maturity 
	Slide 29: Semantic Layer and Data Virtualization Objectives
	Slide 30: Semantic Layer and Data Virtualization Vendor Ratings
	Slide 31: Agentic AI
	Slide 32: Apple Knowledge Navigator - 1987
	Slide 33: “AI in the Loop” vs. “Human in the Loop”
	Slide 34: AI Agent Analytic Interpretation 
	Slide 35: Autonomous Analytics Behaviors
	Slide 36: AI Agent Analytic Actions
	Slide 37: Conclusions 
	Slide 38
	Slide 39: Thank You
	Slide 40

